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1 Introduction

On June 11, 2015, Zhou Yongkang was sentenced to life in prison after being convicted of abusing

power, accepting bribes, and revealing state secrets. In addition to being China’s chief of domestic

security, he had also served on China’s highest decision-making body, the Standing Committee of

the Politburo. The verdict, along with a video of his guilty plea, was announced on China Central

Television’s Daily News the same day. This court ruling came three years after his aides and close

associates were first put under investigation (Xinhua News, 2015a; Wu, 2015; Jiang and Hanna,

2015). Although Zhou Yongkang is the highest-ranked person to be jailed for corruption in China’s

history, he is only one of numerous high-ranking officials, many of whom had once been considered

untouchable, to be investigated and jailed in the anti-corruption campaign launched by President

Xi Jinping in 2012. When announcing his anti-corruption campaign, Xi Jinping vowed to crack

down not only on ‘tigers’ (high ranking officials), but also on ‘flies’ (low-level civil servants). In the

first five years, over 350,000 officials were investigated and arrested on corruption-related charges.1

There appears to be no end in sight for President Xi Jinping’s anti-corruption campaign.

Anti-corruption campaigns, in which leading political figures espouse harsh campaign-style

rhetoric against corruption and in which there are exhaustive reports on anti-corruption efforts and

numerous officials are arrested, are common in authoritarian regimes (Wedeman, 2005). The anti-

corruption campaign in China, while striking in its severity, is but one among many that have oc-

curred in authoritarian regimes across the world. Andropov, Brezhnev, Khrushchev, and Gorbachev

all launched anti-corruption campaigns when they were leader of the Soviet Union (Tarkowski, 1989;

Anderson and Boettke, 1993; Duhamel, 2010). Current Russian President Vladamir Putin launched

his own anti-corruption campaign at almost the same time as Xi Jinping in China (Krastev and In-

ozemtsev, 2013). More recently, Crown Prince Mohammed bin Salman launched an anti-corruption

campaign in Saudi Arabia at the end of 2017 (Aleem, 2017). Similar anti-corruption campaigns

have also occurred in other places such as Fiji (Larmour, 2012), Georgia (Darden, 2008), Hong

Kong (World Bank, 1997), South Korea (Zhang and Lavena, 2015), and Vietnam (Meyers, 2018).

The last fifteen years have seen considerable research examining the institutions and policies

authoritarian leaders adopt to consolidate their hold on power (Geddes, 2003; Lust-Okar, 2005;
1This number is based on information contained in the 2017 report of the Central Commission for Discipline

Inspection (CCDI, 2017). Other sources put the number of punished party members at over one million (BBC, 2018).

1



Magaloni, 2006; Gandhi, 2008; Slater, 2010; Svolik, 2012; Blaydes, 2013; Manion, 2015). This

research, though, has largely ignored the use of anti-corruption campaigns. This is somewhat

surprising given the prevalence of these types of campaigns. What research there is tends to focus

on why authoritarian leaders initiate anti-corruption campaigns. Some scholars argue that anti-

corruption campaigns are introduced to keep corruption from reaching levels that might endanger

economic performance (Manion, 2009; Wedeman, 2005) and build popular support by signaling

that the government is responsive to citizen concerns (Gillespie and Okruhlik, 1991). Others claim

that these campaigns are best understood as an efficient way for authoritarian leaders to eliminate

political rivals and consolidate their hold on power (Zhu and Zhang, 2017; Jiang and Xu, 2015).

Rather than examine the causes of anti-corruption campaigns, I focus here on their conse-

quences. In particular, I investigate whether and how anti-corruption campaigns increase popular

support for authoritarian governments. Authoritarian leaders frequently claim they are launch-

ing anti-corruption campaigns in response to concerns raised by the people and to build popular

support. On launching his anti-corruption campaign ahead of the 2015 presidential elections in

Belarus, for example, President Alexander Lukashenko said that his government would become un-

acceptable to the people unless corruption was significantly curbed (Naviny.by, 2014). Similarly,

in his January 2016 speech to the Discipline Inspection Committee in China, Xi Jinping stated

that the primary goal of his anti-corruption campaign was to build public support for the govern-

ment (The Beijing News, 2016). The media also often link anti-corruption campaigns with support

for the government. For example, the BBC (2018) recently claimed that President Xi Jinping’s

anti-corruption campaign “has helped his popularity.” But do anti-corruption campaigns actually

increase popular support for authoritarian governments, and if so, how?

There is little systematic research addressing this question and the empirical evidence is

largely mixed. On the one hand, Zhang and Lavena (2015) report that the anti-corruption cam-

paign in South Korea during the 1970s proved popular, with 79.4% of respondents in a 1979 survey

believing it had reduced corruption levels. On the other hand, Holmes (1993) argues that Gor-

bachev’s anti-corruption campaign in the 1980s lowered citizen confidence in the government and

accelerated the collapse of the Soviet Union. Similarly, Wang and Dickson (2018) find that support

for the Chinese central government is negatively correlated with the number of anti-corruption

cases in a province. Anecdotal evidence suggests that support for authoritarian governments may
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depend on the perceived motivation for the anti-corruption campaigns. For example, Morris and

Klesner (2010) find that anti-corruption campaigns in Mexico had no impact on public support for

the government as they were not considered a credible attempt to lower corruption. Along the same

lines, Manion (2009) notes that citizens in Hong Kong were initially skeptical about the underlying

motivation and credibility of the anti-corruption campaign that occurred during the 1970s.

In this article, I argue that whether anti-corruption campaigns increase popular support

for authoritarian governments depends on the interaction between (i) citizen perceptions of the

motivation behind the campaign and (ii) citizen perceptions of the campaign’s effectiveness at

reducing corruption. As the existing literature suggests, authoritarian leaders are motivated to

implement an anti-corruption campaign either to purge their political rivals or because they wish

to reduce levels of corruption and appear responsive to citizen preferences. Citizens generally

like anti-corruption campaigns that are effective are reducing corruption. The motivation behind

an anti-corruption campaign matters because it speaks to the likelihood that any reduction in

corruption will persist into the future. Popular support for the government will be greatest when

the government is perceived to be both motivated to lower corruption and effective at doing so. It

follows that anti-corruption campaigns that are perceived to be effective at controlling corruption

should always increase popular support for authoritarian governments, but less so if the campaign

is perceived to be a vehicle for eliminating rivals. Conversely, it also follows that anti-corruption

campaigns that are perceived to be targeting political rivals should always reduce popular support

for the government, and more so if the campaign is perceived to be effective at reducing corruption.

This theoretical framework has two notable features. First, it recognizes that when citizens

evaluate government performance, they take into account not only the outcomes produced by gov-

ernment policies but also the government’s motivation in implementing those policies. Empirical

studies that examine the determinants of government support often focus on economic perfor-

mance (Lewis-Beck and Stegmaier, 2000; van der Brug, van der Eijk and Franklin, 2007; Nadeau,

Lewis-Beck and Bélanger, 2013). To a large extent, these studies implicitly assume that economic

outcomes are all that matter, not how or why those outcomes are produced. Second, my theoretical

framework emphasizes the importance of citizen perceptions when it comes to evaluating authori-

tarian governments. In authoritarian regimes, particularly those that maintain a strict system of

censorship, citizens do not typically have access to reliable information about policy outcomes or
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the motivation of the government. That perceptions may not be closely tied to objective reality in

authoritarian regimes is important because it means that a researcher can manipulate the provision

of information and realistically expect to shape citizen perceptions.

I test the implications of my theory using a novel online survey experiment related to the

current anti-corruption campaign in China. In the experiment, I provide subjects with information

to manipulate their perceptions about both the effectiveness of the anti-corruption campaign at

reducing corruption and the motivation of the government in pursuing an anti-corruption campaign.

In line with my theoretical expectations, the level of popular support for the Chinese government

depends on the interaction between citizen perceptions of the motivation and effectiveness of the

anti-corruption campaign. Popular support for the government increases when the anti-corruption

campaign is perceived as effective at reducing corruption. As predicted, this positive effect declines

and, indeed, disappears if citizens perceive that the campaign is primarily motivated by a desire to

eliminate political rivals rather than reduce corruption. Contrary to my theoretical expectations,

though, I find that support for the government increases when citizens perceive the campaign to

be a vehicle for eliminating political rivals.

One potential explanation for why government support increases when the anti-corruption

campaign is perceived as targeting political rivals has to do with preference falsification. Those

citizens who believe that Xi Jinping is using the anti-corruption campaign to purge opponents may

well be concerned with the repressive capacity of the state and thus exaggerate their support for

the government. My survey experiment allows me to test this possibility as it includes questions

that let me identify individuals who are likely to falsify their preferences based on their reported

level of trust in the government. In line with the preference falsification story, I find that the

perception that the anti-corruption campaign is targeted at political rivals increases support for

the government among those identified as likely to falsify their preferences but reduces support

for the government, as I originally predicted, among those identified as unlikely to falsify their

preferences. These results are consistent with those found in other authoritarian regimes. For

example, García-Ponce and Pasquale (2015) find that reported trust in the state in Zimbabwe is

higher among citizens who have experienced repression than those who have not. These results

also highlight the importance of distinguishing theoretically between reported levels of support for

authoritarian governments and actual levels of support (Jiang and Yang, 2016).
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2 Theory

Whether anti-corruption campaigns increase popular support for authoritarian governments de-

pends jointly on whether citizens think the campaign is effective at reducing corruption and on the

reasons why they think the government implemented the campaign.

2.1 Effectiveness

In a broad sense, the existing literature argues that incumbent government support is tied to gov-

ernment performance — incumbent support is expected to be high when the government performs

well. In the retrospective voting literature, for example, the support for the incumbent government

is often tied to economic outcomes, which are, at least partially, attributed to the incumbent’s per-

formance in office (Lewis-Beck and Stegmaier, 2000). While most studies of popular government

support have focused on rich democracies, there is growing evidence that performance also matters

for government support in less developed and more authoritarian settings. Wright and Stein (2010),

for example, find that economic outcomes influence individual-level support for leaders in nineteen

non-democracies. Rosenfeld (2018) finds that economic growth and perceptions of economic perfor-

mance play an important role in how individuals evaluate regional governments in Russia. There is

also evidence that economic performance affects public support for the government in China (Yang

and Tang, 2010; Lewis-Beck, Tang and Martini, 2014).

Although research on incumbent government support, in both democratic and authoritarian

settings, has typically focused on economic outcomes, support for governments should depend on

their performance in any policy area that citizens care about. One such area is corruption. Corrup-

tion is a worldwide concern (Transparency International, 2017; Anderson and Tverdova, 2003). For

example, a 2014 survey by the Pew Research Center in 34 countries across the Middle East, Asia,

Latin America, Africa, and Eastern Europe finds that corruption was considered the second largest

problem facing people, after crime. On average, 76% of people claimed that corruption was a ‘very

big problem’ (Fisman and Golden, 2017, 147). A more recent survey in China finds that corrupt of-

ficials are viewed as the biggest challenge to the country, more problematic than even pollution and

economic inequality (Wike and Stokes, 2016). All of this suggests that anti-corruption campaigns

that are effective at reducing corruption should increase popular support for the government.
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Support for incumbent governments depends on how citizens perceive government perfor-

mance. There is debate in the existing literature as to how accurately citizen perceptions of gov-

ernment performance align with actual performance. Some economic voting scholars, for example,

argue that citizen perceptions of the economy are distorted by things like partisan bias (Evans and

Andersen, 2006; Anderson, 2007). Other scholars, though, argue that citizen perceptions are closely

tied to economic reality and that objective conditions drive voter behavior (Lewis-Beck, Nadeau

and Elias, 2008; Nadeau, Lewis-Beck and Bélanger, 2013; Lewis-Beck, Martini and Kiewiet, 2013).

The connection between perceptions of government performance and actual government per-

formance is likely to be weaker in authoritarian countries as citizens often lack reliable information

about objective conditions due to government censorship (Hollyer, Rosendorff and Vreeland, 2015)

and data manipulation (Magee and Doces, 2015; Wallace, 2016). Citizens in authoritarian coun-

tries are also often suspicious of official statistics (Rosenfeld, 2018). When it comes to corruption,

citizens do not always have much direct experience with corruption (Zhu, Lu and Shi, 2013) and

studies find that citizen (and expert) perceptions rarely reflect actual levels of corruption (Olken,

2009; Treisman, 2007). From a theoretical perspective, the key point here is that we would expect

support for the incumbent government to increase if citizens think anti-corruption campaigns are

effective at reducing corruption irrespective of whether corruption levels actually decline.

2.2 Motivation

Research on government support typically assumes that citizens only care about the effectiveness

of government policies. Citizens are expected to look favorably on the government when, say,

unemployment is low, inflation is low, or economic growth is high (Powell and Whitten, 1993).

They are not thought to care about how or why these outcomes are produced. In what follows,

though, I argue that citizens care not only about the effectiveness of government policies but also

about the motivation behind those policies.

One area in which the motivation of the government is sometimes raised is political business

cycles. In a political business cycle, the government actively manipulates the economy to engineer

a short-term economic high to coincide with an election (Nordhaus, 1975; MacRae, 1977). Tradi-

tionally, citizens are assumed to assess governments based on the economic outcomes they produce

at election time, and are not expected to take account of either why those outcomes are produced
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or the future consequences of the government’s economic policies. These assumptions have been

challenged by rational expectations scholars who argue that citizens should understand the moti-

vation behind the government’s expansionary pre-election economic policies as well as the expected

post-election costs associated with these policies (Persson and Tabellini, 1990; Rogoff and Sibert,

1988; Cukierman and Meltzer, 1986). In effect, citizens should look unfavorably on governments

they think are trying to manipulate the economy solely for their own political gain.

As with political business cycles, we might expect citizens to care about why anti-corruption

campaigns are introduced when evaluating the government. The existing literature suggests that

governments introduce anti-corruption campaigns either because they want to reduce corruption

and appear responsive to citizen concerns or because they want to purge political rivals and con-

solidate their hold on power. Some scholars, for example, argue that anti-corruption campaigns

are introduced to keep corruption levels below the point at which they might endanger economic

performance and encourage mass rebellion (Wedeman, 2005; Manion, 2009). However, others argue

that they are introduced as a relatively uncontroversial way for authoritarian leaders to efficiently

purge political rivals (Zhu and Zhang, 2017; Jiang and Xu, 2015). Eliminating rivals on the grounds

that they are corrupt is likely to generate significantly less public opposition than simply removing

them for political or ideological reasons. Anti-corruption campaigns that are introduced to elimi-

nate political rivals are an abuse of power for private gain and, hence, a form of corruption in itself.

As a result, citizens are much more likely to look favorably on a government if they think it has

introduced an anti-corruption campaign to reduce corruption than if they think it is simply using

the campaign to strengthen its grip on power.

2.3 The Interaction between Effectiveness and Motivation

Perceptions about the effectiveness of anti-corruption campaigns should interact with perceptions

about the motivation behind these campaigns to determine popular support for the government.

This is because the motivation for introducing an anti-corruption campaign speaks to the likelihood

that any observed reduction in corruption will persist into the future. Corruption may well decline

in the short term irrespective of why the government introduces an anti-corruption campaign.

Officials who are uncertain as to exactly why an anti-corruption campaign has been introduced are

likely to respond initially by engaging in less corruption (Wedeman, 2005). If these officials realize
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over time that the campaign is driven by a desire to eliminate political rivals rather than reduce

corruption, perhaps because they see who is being targeted, then they are likely to return to their

previously corrupt ways. Citizens who perceive that the government is primarily motivated by a

desire to eliminate rivals should understand this dynamic and expect that any immediate reduction

in corruption will be relatively short lived. Indeed, anti-corruption campaigns that are targeted at

political rivals may even lead to higher levels of corruption in the future as officials (and citizens)

learn that the government is uninterested in cracking down on actual corruption.

The specific conditionality underlying my theory is graphically illustrated in Figure 1. Popu-

lar support for the incumbent government will be high when citizens perceive that the government

is motivated to reduce corruption and is effective at doing so (bottom left quadrant). This is be-

cause citizens in this scenario value the reduction in corruption and expect it to persist into the

future. In contrast, popular support for the government will be low when citizens perceive that the

government is motivated by a desire to target political rivals and is ineffective at lowering corrup-

tion (top right quadrant). This is because citizens in this scenario dislike both the government’s

Figure 1: Anti-Corruption Campaigns and Popular Support for Authoritarian Governments
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abuse of power in using the anti-corruption campaign to eliminate political rivals and the fact that

corruption has not declined. Popular support for the government will be moderately high when

citizens perceive that the government is effective at reducing corruption but motivated by a desire

to eliminate political rivals (bottom right quadrant). This is because citizens in this scenario value

the reduction in corruption but don’t expect the reduction in corruption to persist into the future.

Popular support for the government will also be moderately high when citizens perceive that the

government is motivated to reduce corruption but is ineffective at doing so (top left quadrant). In

this scenario, the citizens value the fact that the government is at least trying to lower corruption,

but would prefer that it was more effective at doing so.

Two conditional hypotheses can be drawn from this interactive theoretical framework (Berry,

Golder and Milton, 2012). According to the Effectiveness Hypothesis, individuals will evaluate the

government more favorably if they perceive that the anti-corruption campaign is effective at reduc-

ing corruption. This positive effect should be smaller, and may disappear entirely, if individuals

believe that the anti-corruption campaign is primarily targeted at eliminating political rivals as

opposed to reducing corruption. This is because any reduction in corruption levels in this scenario

will be considered only a side-effect of the anti-corruption campaign and unlikely to persist into the

future. According to the Rivals Hypothesis, individuals will always evaluate the government less

favorably if they perceive that the anti-corruption campaign is primarily targeted at eliminating

political rivals. The inherent symmetry of interactions means that this negative effect will be larger

if individuals believe that the anti-corruption campaign has been effective at reducing corruption.

This is because the government’s reason for introducing the anti-corruption campaign matters more

when the campaign appears to be effective at reducing corruption than when this is not the case.

Effectiveness Hypothesis: Individuals will evaluate the government more favorably
if they believe the anti-corruption campaign is effective at reducing corruption. This
positive effect will be smaller, and may even disappear, if they believe the campaign is
primarily targeted at eliminating political rivals as opposed to reducing corruption.

Rivals Hypothesis: Individuals will evaluate the government less favorably if they
believe the anti-corruption campaign is primarily targeted at eliminating political rivals
as opposed to reducing corruption. This negative effect will be larger if they believe the
campaign is effective at reducing corruption.
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3 Empirics

I test my hypotheses using a novel survey experiment related to the current anti-corruption cam-

paign in China. The survey experiment was conducted in March 2016.

3.1 Experimental Research Design

The respondents in my survey experiment come from a popular Chinese crowd-sourcing website,

similar to Amazon’s Mechanical Turk in the United States, that recruits and compensates agents

for performing tasks.2 Respondents were directed to an external Qualtrics survey where the ex-

periment actually took place.3 The experiment adopts a fully crossed 2 by 2 factorial design that

explicitly matches the interactive theoretical framework illustrated in Figure 1. In the experiment, I

provide respondents with information about the effectiveness and motivation of the anti-corruption

campaign. The first factor has to do with the effectiveness of the campaign and takes on two values:

either the anti-corruption campaign has been effective at reducing corruption or it has not been

effective. The second factor has to do with the motivation of the campaign and also takes on two

values: either the anti-corruption campaign is targeted at eliminating political rivals or it is not.

The 2 by 2 factorial design results in four basic treatments:

1. Effective & Rivals (ER) Treatment: The anti-corruption campaign has been effective at

reducing corruption and has been targeted at political rivals.

2. Effective & Not Rivals (ENR) Treatment: The anti-corruption campaign has been effective

at reducing corruption and has not been targeted at political rivals.
2A common concern with convenience samples like this one is that they may be unrepresentative of the broader

population of interest, potentially leading to experiments with low external validity (McDermott, 2011). Recent
research, though, has shown that this concern is often misplaced. Several studies, for example, have found that
Mechanical Turk (MTurk) samples are more diverse and representative of the overall population than in-person
convenience samples (Paolacci, Chandler and Ipeirotis, 2011; Berinsky, Huber and Lenz, 2012). When it comes to
many important demographic characteristics (Berinsky, Huber and Lenz, 2012), urban-rural and occupational status
(Huff and Tingley, 2015), and political ideology (Clifford, Jewell and Waggoner, 2015), MTurk samples have also
been found to be similar to nationally-representative samples. More importantly, several studies in the areas of
political science, law, and psychology have shown that estimates of average treatment effects from MTurk samples
are statistically and substantively similar to estimates based on nationally-representative samples (Berinsky, Huber
and Lenz, 2012; Clifford, Jewell and Waggoner, 2015; Firth, Hoffman and Wilkinson-Ryan, 2017). The main reason
for this seems to be treatment homogeneity (Coppock, Leeper and Mullinix, 2018). Almost all of this research has
focused on crowd-sourcing websites like MTurk in the United States. The only study to date that has examined
crowd-sourcing websites in China finds that they tend to be representative of the Chinese online population and is
optimistic about the external validity of experiments using these samples (Li, Shi and Zhu, 2018).

3To prevent repeat participation by the same respondent, each unique account at the recruiting platform and each
unique IP address were allowed to participate only once in the experiment.
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3. Not Effective & Rivals (NER) Treatment: The anti-corruption campaign has not been effective

at reducing corruption and has been targeted at political rivals.

4. Not Effective & Not-Rivals (NENR) Treatment: The anti-corruption campaign has not been

effective at reducing corruption and has not been targeted at political rivals.

The goal of these treatments is to change respondent perceptions of the anti-corruption cam-

paign. For perceptions to change, though, two things are necessary. First, respondents must have

some uncertainty as to the effectiveness of, and motivation for, the anti-corruption campaign. If re-

spondents have strong priors about the anti-corruption campaign, then the information treatments

are likely to have little effect. Official reports about corruption cases in China are often censored

and media coverage of the anti-corruption campaign is always positive, frequently stating that the

campaign has been successful at reducing corruption and is not being used to eliminate rivals, (Xin-

hua News, 2015b).4 Most citizens, though, are aware of the censorship and pro-government bias in

the media, and are thus uncertain about the true success of, and motivation for, the anti-corruption

campaign. While many citizens seek out news from their social networks, evidence suggests that

citizens are also skeptical of this ‘grapevine news’ (Truex, 2014; Zhu, Lu and Shi, 2013).5

Second, respondents must find the information treatments credible (Acharya, Blackwell and

Sen, 2018). To maximize the credibility of the treatments, respondents are told that the information

is based on research from Yale University and the University of Chicago. Why? Survey experiments

in China find that the source for a piece of information can influence how credible respondents find

that information (Stockmann, 2013; Huang, 2015a). Studies have found that citizens are aware of

a pro-regime bias in state-controlled media but that they are even more skeptical of foreign media

(Truex, 2014). The pro-regime bias and overwhelmingly positive coverage of the anti-corruption

campaign in China means that the Chinese media are not a suitable information source as they

would not be considered a credible source for all of the information treatments. In particular,
4That reports about corruption cases are censored became evident in 2013 when censorship instructions regarding

the coverage of General Xu Caihou’s death when he was under investigation for corruption were leaked. In the leaked
instructions, authorities requested that all media “use only Xinhua wire copy. Do not make the story headline news
on the homepage. Close comment sections” (China Digital Times, 2015).

5Since the implementation of my experiment in 2016, it has become increasingly clear to many Chinese citizens
that President Xi Jinping introduced his anti-corruption campaign to eliminate political rivals and consolidate his
hold on power. Indeed, it is now widely accepted that the anti-corruption campaign laid the necessary groundwork
for the March 2018 removal of presidential term limits that allows Xi Jinping to remain president for life. These term
limits had been introduced by Deng Xiaoping in the 1980s to prevent the rise of another Mao Zedong.
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the treatments claiming that the anti-corruption campaign has failed to reduce corruption and

has been targeted at political rivals would likely be considered fake. Chinese citizens appear to

have more trust in university research. In my survey, I asked respondents to indicate their level of

trust in different groups of people. University professors were considered the second most trusted

group after relatives.6 Given the sensitive nature of the anti-corruption campaign, though, it is

unclear whether Chinese academics would be allowed to report the information found in all four

of my treatments, particularly the negative ones. This is why I use foreign universities for the

information source. I chose Yale and Chicago because these universities are likely to be recognized

as real and respectable by many Chinese citizens and because my four information treatments are

based on the actual results found in two studies conducted at these universities.7

To be clear, the goal of providing an information source for the treatments in my experiment is

not to evaluate ‘source effects’ (the source is constant across all treatments), but rather to maximize

the likelihood that respondents will find the information credible and change their perceptions of

the anti-corruption campaign. It is important to note that to the extent that respondents fail

to find the information treatments credible or have strong prior beliefs about the anti-corruption

campaign, I will not find the effects predicted by my theory. As an example of one of my information

treatments, here is the exact wording for the Effective & Not Rivals (ENR) treatment:

Researchers at the University of Chicago and Yale University have spent the last three
years studying the anti-corruption campaign started after the 18th Party Congress in
China. They have collected and analyzed data from numerous sources, including the
promotion track and network of officials, the experience and opinion of both experts
and ordinary citizens, as well as economic and trade data. This research shows that
since 2013, the anti-corruption campaign in China has been effective at reducing the
level of corruption and it has not been targeted at political rivals.

Since my theory addresses how perceptions of anti-corruption campaigns change the level of

popular government support, my dependent variable, Change in Support, captures the change in a

respondent’s level of support for the government since the start of the anti-corruption campaign. It
687% and 80% of respondents reported at least some trust in their relatives and university professors. Only 65%

indicated at least some trust in the next most trusted group — central government officials.
7At Yale, Qian and Wen (2015) find that the anti-corruption campaign in China has been effective at reducing

corruption that is easily detected by the public but ineffective at reducing corruption that is hard to observe. At
Chicago, Jiang and Xu (2015) find that the anti-corruption campaign has centralized power in a small inner circle
and that political rivals have been targeted. At the same time, they also find that personal ties to top leaders has
not protected officials from corruption charges.
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is measured on a 1−7 scale, with 1 meaning that support for the government has greatly decreased

and 7 meaning that it has greatly increased.8 The precise survey question is:

Since the 18th Party Congress in 2012, our government has initiated a series of anti-
corruption enforcements. How has your support for the government changed since the
18th Congress in 2012?

Respondents are asked this question immediately after receiving one of the information treatments.

Experiments with a factorial design are intended to test conditional claims. As such, the

results from these experiments are appropriately evaluated with an interaction model (Brambor,

Clark and Golder, 2006; Berry, Golder and Milton, 2012). I use the following interaction specifica-

tion to test the Effectiveness Hypothesis and the Rivals Hypothesis,

Change in Support = β0 + β1Effective + β2Rivals + β3Effective × Rivals + ϵ. (1)

Effective is a dichotomous variable that equals 1 if the respondent receives information that the anti-

corruption campaign is effective at reducing corruption and 0 otherwise. Rivals is a dichotomous

variable that equals 1 if the respondent receives information that the anti-corruption campaign is

targeted at political rivals and 0 otherwise. The interaction term, Effective×Rivals is included to

test the conditionality of my hypotheses.

The marginal effect of Effective is β1 + β3Rivals. According to the Effectiveness Hypothesis,

β1 should be positive as support for the government is expected to increase when the respondent

believes the campaign has been effective at reducing corruption and is not targeted at eliminating

political rivals. This positive effect is expected to be smaller and may even disappear if the respon-

dent believes the campaign is targeted at political rivals. Thus, β3 should be negative and β1 + β3

should be greater than or equal to 0. The marginal effect of Rivals is β2 +β3Effective. According to

the Rivals Hypothesis, β2 should be negative as support for the government is expected to decrease

when the respondent believes the campaign is targeted at eliminating rivals and is not effective at

reducing corruption. This negative effect is expected to be larger if the respondent believes the

campaign is effective at reducing corruption. Thus, both β3 and β2 + β3 should be negative.
8An advantage of focusing on change in support for the government in an authoritarian regime like China is that

respondents may be more willing to indicate that their support has declined as opposed to that their support is low.
Rather than simply asking respondents whether their support for the government has declined, remained the same,
or increased, the seven-point scale allows respondents to indicate that their support has declined a little, potentially
also increasing the chances that a respondent would be comfortable reporting a decline in support for the government.
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3.2 The Sample and Potential Threats to Internal Validity

Although the four information treatments were randomly assigned, there are two potential threats

to the random assignment assumption: (i) non-random attrition and (ii) non-random ignorance

of the treatment. Consider non-random attrition first. The respondents in the survey experiment

volunteered to participate in the study and could therefore quit the survey at any point. The

random treatment assumption holds if respondents quit at random. Bias is introduced, though,

if some of the treatments cause respondents to quit the study early (Zhou and Fishbach, 2005).

This was not the case here. Of the 609 individuals who began the survey experiment, only nine

(1.5%) dropped out after receiving their treatment but before registering their change in support

for the government. The fact that these nine respondents received different information treatments

suggests that treatment assignment and attrition were unrelated.9 41 (6.7%) respondents dropped

out before receiving their treatment, meaning that 559 respondents completed the survey.

Although the four treatments were randomly assigned, it is possible that the respondents in

the different treatment groups could still differ demographically. Table 1 provides information on

the balance of demographic information across the four treatment groups. The Not Effective & Not

Rivals (NENR) treatment group is used as the baseline for conducting difference-in-means tests.

As Table 1 indicates, the four treatment groups are mostly balanced demographically. Among the

seven demographic characteristics evaluated in the survey, difference-in-means tests indicate that

there is a slight imbalance in Income and Student between the group receiving the Not Effective &

Rivals (NER) treatment and the group receiving the Not Effective & Not Rivals (NENR) treatment

(p < 0.1). As a result, I control for Income and Student in some of the upcoming empirical analyses.

Now consider non-random ignorance of the treatment. Some respondents may be inattentive

and fail to read the information treatment carefully. If this is the case, the respondents do not

actually ‘receive’ the treatment assigned to them. No threat to the internal validity of the exper-

iment occurs if the respondents who miss the information treatment do so at random. However,

if there are some factors or characteristics common to this group of respondents that make them

less attentive and cause them to exhibit different levels of regime support than others, then the
9To be specific, two respondents received the ENR treatment, three received the ER treatment, three received the

NENR treatment, and one received the NER treatment.

14



Table 1: Demographic Balance across Treatment Groups

Group Means
NENR ENR ER NER Sample

Female 0.45 (0.50) 0.42 (0.50) 0.41 (0.50) 0.48 (0.50) 0.44 (0.50)

Age 27.61 (6.10) 27.65 (7.07) 28.06 (7.64) 28.08 (6.50) 27.85 (6.84)

Education 6.26 (1.04) 6.09 (1.34) 6.27 (0.98) 6.36 (1.15) 6.25 (1.13)

Urban 0.51 (0.50) 0.46 (0.50) 0.55 (0.50) 0.49 (0.50) 0.50 (0.50)

Income 1.92 (1.12) 1.88 (1.30) 1.94 (1.26) 2.21∗ (1.42) 1.99 (1.28)

Government Employee 0.11 (0.31) 0.12 (0.33) 0.13 (0.33) 0.12 (0.33) 0.12 (0.33)

Student 0.13 (0.33) 0.19 (0.40) 0.13 (0.34) 0.21∗ (0.41) 0.16 (0.37)

N 142 131 144 142 559

∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01 (two-tailed)

Note: Table 1 indicates the means for different demographic variables across the treatment groups and the sample
as a whole; standard deviations are shown in parentheses. NENR refers to the Not Effective & Not Rivals treatment,
ENR refers to the Effective & Not Rivals treatment, ER refers to the Effective & Rivals treatment, and NER refers
to the Not Effective and Rivals treatment. NENR is treated as the baseline group for conducting difference-in-means
tests. Welch’s t-test, which allows for unequal variances, was used for the difference-in-means tests. All demographic
information was gathered prior to the information treatments.

results will be biased. To distinguish between those who did not ‘receive’ a treatment and those

who plausibly did, and to be able to test whether these two groups are systematically different,

I included a validation check question (Kane and Barabas, 2019).10 Of the 559 respondents who

completed the survey, 383 (68.5%) passed the validation check and 176 (31.5%) failed it. As Table

2 indicates, there is little difference in the demographic characteristics of those who passed the

validation check and those who failed the validation check. Difference-in-means tests indicate that

those who passed the validation check are slightly older (28.35) than those who failed it (27.11).

As a result, I control for Age in some of the upcoming empirical analyses. As Figure 2 indicates,

there is also little difference in the geographic distribution of respondents in the full sample (panel
10Specifically, respondents were asked to identify “Which of the following statements describes the study conducted

by the researchers at the University of Chicago and Yale University?” Only one of the provided statements referred
to the anti-corruption campaign. Respondents who failed to recognize that the study mentioned in the information
treatment had to do with the anti-corruption campaign were coded as having failed the validation check.
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Table 2: Validation Check: Pass and Fail

Group Means
Passed Validation Failed Validation Difference (t-statistic)

Female 0.42 (0.49) 0.47(0.50) -0.05 (-1.20)

Age 28.30 (7.45) 26.86 (5.11) 1.44∗∗∗ (2.64)

Education 6.26 (1.12) 6.21 (1.17) 0.05 (0.60)

Urban 0.52 (0.50) 0.45 (0.50) 0.07 (1.12)

Income 2.04 (1.30) 1.88 (1.23) 0.16 (1.16)

Government Employee 0.11 (0.33) 0.13 (0.33) -0.02 (0.73)

Student 0.16 (0.37) 0.18 (0.38) -0.02 (-0.60)

N 383 176

∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01 (two-tailed)

Note: The first two columns in Table 2 indicate the means for different demographic variables depending on whether
the respondent passed the validation check (Passed Validation) or failed the validation check (Failed Validation);
standard deviations are shown in parentheses. The third column indicates the differences in these two means and
the t-statistics associated with these differences. Welch’s t-test, which allows for unequal variances, was used for the
difference-in-means tests. All demographic information was gathered prior to the information treatments.

a) and that of respondents who passed the validation check (panel b). In order to address any

remaining concern with bias produced by the non-random ignorance of the treatments, I present

results in my upcoming empirical analyses from models that include only those respondents who

passed the validation check as well as from models that include the full sample.11

11One concern with looking at results from models that include only those respondents who passed the validation
check has to do with possible post-treatment bias (Montgomery, Nyhan and Torres, 2018). Post-treatment bias arises
if the treatment a respondent receives affects the probability that she passes the validation check. Results shown in
Online Appendix A indicate that none of the information treatments have a statistically significant effect on whether
a respondent passes the validation check. Indeed, the estimated effect of the treatments is substantively close to zero.
Aranow, Baron and Pinson (2015, 4) suggests that a problem might still remain if “the types of subjects who fail
[the validation check] under one treatment [are] not …the same as those who fail under a different treatment.” Tests
indicate that there is no statistical difference, at least with respect to demographic characteristics, between those
who fail the validation check under the different treatments. Of course, this does not mean that differences might
not still exist with respect to unobservables. This is why I present results from models that include the full sample of
respondents as well as models that include only those respondents who passed the validation check. The coefficients
from the two types of models are not significantly different.
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Figure 2: Geographic Distribution of Respondents by Province

(a)
Full Sample

(b)
Passed Validation

Note: Figure 3 shows the geographic distribution of respondents across provinces. Panel (a) refers to the full sample,
whereas panel (b) refers only to those respondents who passed the validation check. With the exception of Tibet and
Qinghai, respondents from each of the 22 provinces and the four directly controlled municipalities (Beijing, Tianjin,
Shanghai, Chongqing) participated in the survey experiment.

3.3 Results

As an initial test of my hypotheses, consider Figure 3, which shows how Change in Support varies

across the different treatment groups. The shaded cells report the mean level of Change in Support

in each of the four treatment groups; standard deviations are shown in parentheses.12 The Differ-

ence in Means row indicates how Change in Support differs (across rows) depending on whether the

respondents perceive the anti-corruption campaign to be effective or not at reducing corruption; t-

statistics from difference-in-means tests are shown in parentheses. The Difference in Means column

indicates how Change in Support differs (across columns) depending on whether the respondents

perceive the anti-corruption campaign to be targeted at political rivals or not.

There is strong support for the Effectiveness Hypothesis. As predicted, perceiving the anti-

corruption campaign to be effective at reducing corruption significantly increases the level of support

for the central government when the campaign is not targeted at political rivals. This is indicated

by the positive and statistically significant difference reported in the first cell of the Difference

in Means row. This positive effect declines, and indeed disappears, when the anti-corruption

campaign is targeted at political rivals. This is indicated by the substantively small and statistically
12Recall that Change in Support is measured on a 1 − 7 scale, with 1 meaning that the support for the central

government has greatly decreased and 7 meaning that support for the central government has greatly increased.
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Figure 3: An Initial Test of the Hypotheses
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Note: The shaded cells report the mean level of Change in Support in the four treatment groups based on those
respondents who passed the validation check; standard deviations are included in parentheses. Change in Support is
measured on a 1−7 scale, with 1 meaning that support for the government has greatly decreased and 7 meaning that
support for the government has greatly increased. The Difference in Means row indicates how Change in Support
differs depending on whether the anti-corruption campaign is perceived as effective or not at reducing corruption.
The Difference in Means column indicates how Change in Support differs depending on whether the anti-corruption
campaign is perceived to be targeted at political rivals or not; t-statistics from difference-in-means tests are shown
in parentheses. Welch’s t-test, which allows for unequal variances, was used for the difference-in-means tests.

insignificant difference reported in the second cell of the Difference in Means row.

In contrast, there is no support for the Rivals Hypothesis. Contrary to expectations, per-

ceiving the anti-corruption campaign to be targeted at eliminating political rivals always increases

support for the central government. This is indicated by the positive differences reported in the

Difference in Means column. Indeed, this positive effect is substantively large and statistically

significant when the anti-corruption campaign is not effective at reducing levels of corruption.

While the difference-in-means tests reported in Figure 3 provide an initial test of my hy-

potheses, they do not provide a direct test of the purported interaction between the perceived

effectiveness and motivation of the anti-corruption campaign, nor do they control for the unbal-
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Table 3: Perceptions of the Anti-corruption Campaign and Popular Support for the Government

Dependent Variable: Change in Support (1 − 7)

Passed Validation Full Sample
Model 1 Model 2 Model 3 Model 4

Effective 0.510∗ 0.550∗∗ 0.274 0.262
(0.267) (0.268) (0.215) (0.218)

Rivals 0.705∗∗∗ 0.796∗∗∗ 0.606∗∗∗ 0.624∗∗∗

(0.264) (0.271) (0.218) (0.224)

Effective × Rivals −0.530 −0.645∗ -0.523∗ -0.551∗

(0.371) (0.380) (0.305) (0.312)

Age 0.041∗∗∗ 0.041∗∗∗

(0.015) (0.014)

Income −0.080 0.003
(0.080) (0.067)

Student 0.012 0.179
(0.275) (0.229)

Observations 383 380 559 545
AIC 1188.806 1181.304 1774.616 1725.94
Log-likelihood -585.403 -578.652 -878.308 -850.967

∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01 (two-tailed)

Note: The dependent variable, Change in Support, captures the change in the respondent’s level of support for the
government since the start of the anti-corruption campaign in China in 2012. It is measured on a 1 − 7 scale, with 1
meaning that support for the government has greatly decreased and 7 meaning that support for the government has
greatly increased. Estimates are based on ordered logit models. The cutpoints from these models, which tests reveal
are statistically different, are not shown. Standard errors are shown in parentheses. Passed Validation include only
those respondents who passed the validation check, whereas Full Sample includes all respondents.

anced demographic variables. To better test my hypotheses, I estimate an ordered logit model.13

The results from four slightly different specifications are shown in Table 3. The first two models

are for the sample that includes only those who passed the validation check, whereas the last two

models are for the full sample. Models 2 and 4 include the demographic controls mentioned earlier
13This involves feeding the interactive specification shown in Eq. (1) through the link function for the ordered logit

model. Results are robust to simply estimating Eq. (1) by ordinary least squares.
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(Age, Income, Student) to account for possible confounders that might influence a respondent’s

chance of receiving a particular treatment and her support for the government.

The results in Table 3 again provide strong support for the Effectiveness Hypothesis. As pre-

dicted, the coefficients on Effective are positive in all four models and are statistically significant

for those models where I include only those respondents who passed the validation check. This

indicates that respondents who think the anti-corruption campaign is effective at reducing corrup-

tion and is not targeted at political rivals have increased their support for the government. Also as

predicted, the coefficient on the interaction term, Effective × Rivals, is negative in all four models

and statistically significant in three of them. This indicates that the positive effect of thinking the

anti-corruption campaign is effective at reducing corruption declines if the respondent also believes

the campaign is targeted at political rivals. In other words, perceptions about the effectiveness and

motivation of the anti-corruption campaign matter in a conditional way for determining the govern-

ment’s level of popular support.14 These results are substantively meaningful. An anti-corruption

campaign that is perceived to be effective at reducing corruption but not targeted at rivals increases

the probability that a respondent will report an increase in her support for the government by 16%

[1%, 33%]; two-tailed 95% confidence intervals are shown in square brackets.15 A similarly effective

anti-corruption campaign that is perceived to be targeted at rivals decreases the probability that a

respondent will report an increase in her support for the government by a substantively small and

statistically insignificant 2% [−10%, 8%]. In sum, perceiving that the anti-corruption campaign

is effective at reducing corruption increases government support but only when respondents think

the government is not strategically using the campaign to target its political rivals.

The results in Table 3 provide no support for the Rivals Hypothesis. Recall that the Rivals

Hypothesis predicts that individuals will reduce their support for the government if they think the

anti-corruption campaign is targeted at political rivals. Contrary to this prediction, the coefficient

on Rivals is positive and statistically significant in all four of the models in Table 3. This indicates
14That my information treatments have a significant effect on popular support for the government indicates that

they were considered credible by the respondents. Importantly, the fact that my information treatments could change
respondent support for the government also indicates that Chinese citizens did not hold strong prior beliefs in 2016
about the effectiveness (and motivation) of the anti-corruption campaign.

15The percentage change in predicted probability is calculated using the results from Model 2 in Table 3 and for the
scenario where the respondent is not a student and has mean age and income. Increased support for the government
aggregates the three categories in the dependent variable where respondents indicate that their support has increased
a little, increased, or greatly increased.
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that respondents who think the anti-corruption campaign is targeted at political rivals increase

their support for the government even when they think the campaign is ineffective at reducing

corruption. Although the coefficient on the interaction term is negative, the effect of Rivals re-

mains positive when the respondent thinks the anti-corruption campaign is effective at reducing

corruption. Substantively, the percentage change in predicted probability that a respondent reports

increased support for the government when she thinks the campaign is targeted at rivals is 22%

[7%, 39%] for the case where the campaign is perceived as ineffective at reducing corruption and

3% [−7%, 14%] for the case where the campaign is perceived as effective at reducing corruption.

3.4 Preference Falsification and Treatment Heterogeneity

The results with respect to the Rivals Hypothesis are, at first glance, surprising, as they suggest

that support for authoritarian governments increases when respondents think governments are using

anti-corruption campaigns to target their political rivals and consolidate their hold on power.16 One

potential explanation has to do with preference falsification (Kuran, 1991) and the sensitive nature

of government support in China. Fearing punishment from societal or state actors, citizens often

falsify their preferences and provide socially desirable or government-preferred answers to sensitive

survey items (Tourangeau and Yan, 2007). The fact that the respondents in my experiment are

randomly assigned to the different information treatments means that any social desirability bias

should be similar across all of the treatment groups and, thus, that the estimated treatment effects

should be unbiased. However, the two treatments indicating that the anti-corruption campaign

has been used to eliminate political rivals may signal or reveal the regime’s willingness to repress.

As a result, those respondents who receive these treatments may be more likely to falsify their

preferences and report an increase (or greater increase) in support for the government. If this is

correct, it would explain the positive effect of Rivals on support for the government in Table 3.
16One might think that Chinese citizens simply like a strong government that is able to eliminate its rivals and so

better promote stability and efficiency. However, the results from my experiment are not consistent with a strong
government story. First, it is not the case that respondents always increase their support for the government when they
perceive that the anti-corruption campaign is targeted at rivals. As Figure 3 indicates, the Rivals treatment only has
a positive and statistically significant effect on government support when the anti-corruption campaign is perceived
to be ineffective at reducing corruption. Second, the strong government story would predict a positive interaction
between the Rivals treatment and the Effectiveness treatment. In other words, the Rivals treatment should have a
larger positive effect when the anti-corruption campaign is effective as opposed to ineffective at reducing corruption.
As the results in Table 3 indicate, though, the coefficients on the interaction terms are negative in all four models.
The bottom line is that there is little support for a strong government story.
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Support for this line of reasoning comes from several other studies that have found a positive

relationship between repression, preference falsification, and support for authoritarian governments.

García-Ponce and Pasquale (2015), for example, find that reported trust in the government in

Zimbabwe is higher among citizens who have experienced state repression. Similarly, Jiang and

Yang (2016) find that reported support for the Chinese government increased among Shanghai

citizens after a political purge. In line with the preference falsification story, Jiang and Yang (2016)

find that while reported support for the government increased, actual support decreased.

My experiment also provides support for the preference falsification story. Prior to receiving

the treatment, respondents are asked a series of questions, including one about trust in the central

government. The trust question allows me to identify, at least in a rudimentary way, those respon-

dents who are less likely to falsify their attitudes towards the government. Trust in the government

is a sensitive topic in China. Given this, those who express high trust in the government could

be honest supporters of the government or they could be lying. However, those expressing low

trust in the government are very likely expressing their true feelings. According to the preference

falsification story, at least some of the ‘high trust’ respondents who receive a Rivals treatment

(either ER or NER) should report increased government support. However, ‘low trust’ respondents

who receive these treatments should, in line with the original Rivals Hypothesis, report reduced

government support. In effect, there should be treatment effect heterogeneity with respect to the

two Rivals treatments across high and low trust respondents. This is exactly what I find.

In Table 4, I report results from four ordered logit models with the same basic specification

as before. The first two models distinguish between high trust and low trust respondents, while the

third presents results from a fully interactive specification that allows us to see whether the effects

of the treatments are significantly different across low trust and high trust respondents (Brambor,

Clark and Golder, 2006). While the first three models include only those respondents who passed

the validation check, the fourth model includes the full sample. Low Trust is a dichotomous

variable that equals 1 if the respondent reported no trust, very low trust, or low trust in the central

government, and 0 otherwise. Of the 383 respondents who passed the validation check, 99 (25.8%)

reported low trust in the government and 284 (74.1%) reported high trust. The results are highly

supportive of the preference falsification story.
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Table 4: Treatment Effect Heterogeneity and Trust in the Central Government

Dependent Variable: Change in Support

Passed Validation Full Sample
High Trust Low Trust Interaction Interaction

Effective 0.639∗ 0.195 0.613∗ 0.379
(0.327) (0.496) (0.322) (0.265)

Rivals 0.997∗∗∗ −0.237 0.958∗∗∗ 0.903∗∗∗

(0.320) (0.498) (0.315) (0.262)

Effective × Rivals −0.670 −0.399 −0.646 -0.561
(0.438) (0.734) (0.433) (0.363)

Low Trust −0.867∗∗ -0.726∗∗

(0.407) (0.332)

Effective × Low Trust −0.386 −0.190
(0.604) (0.476)

Rivals × Low Trust −1.206∗∗ −1.288∗∗

(0.602) (0.491)

Effective × Rivals × Low Trust 0.195 −0.218
(0.869) (0.690)

Observations 284 99 383 557
AIC 809.9402 339.1274 1142.334 1688.532
Log-likelihood −395.97 −160.56 −558.167 −831.266

∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01 (two-tailed)

Note: The dependent variable, Change in Support, captures the change in the respondent’s level of support for
the government since the start of the anti-corruption campaign in China in 2012 and is measured on a 1 − 7 scale.
Estimates are based on ordered logit models. The cutpoints from these models, which tests reveal are statistically
different, are not shown. Age, Income, and Student are controlled for in all four models but are not shown in Table
4. High Trust and Low Trust refer to respondents who reported high or low trust in the central government.

Consistent with the preference falsification story, the coefficient on Rivals is positive and

statistically significant for the high trust respondents. This indicates that high trust respondents

who think the anti-corruption campaign is targeted at political rivals report increased support for

the government when they think the campaign is ineffective at reducing corruption. Although the
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coefficient on Effective × Rivals is negative (as predicted), the effect of Rivals remains positive when

high trust respondents think the anti-corruption campaign is effective at reducing corruption. In

effect, high trust respondents always report increased support for the government when they get

a Rivals treatment. The results for the low trust respondents are quite different and, importantly,

are consistent with the original Rivals Hypothesis. As predicted, the coefficients on Rivals and

Effective × Rivals are both negative.17 This indicates that low trust respondents, who are less

likely to falsify their preferences, report reduced trust for the government when they believe the

anti-corruption campaign is being used to target the government’s political rivals. As expected,

this difference in how high trust and low trust respondents respond to the Rivals treatments is

statistically significant. This is indicated by the negative and statistically significant coefficients on

Rivals × Low Trust in the fully interactive Passed Validation and Full Sample models. While I have

argued that the Rivals treatments might induce preference falsification by signalling the repressive

capacity of the state, the Effective treatments should have no such effect. As a result, we should

not see a difference across high and low trust respondents with respect to the Effective treatments.

In line with this reasoning, the coefficients on the two interaction terms that include Effective and

Low Trust in the Passed Validation and Full Sample models are both statistically insignificant.18

Taken together, the results in Table 4 are consistent with the claim in the Rivals Hypothesis

that individuals reduce their true support for the government when they perceive that the anti-

corruption campaign is motivated by a desire to eliminate political rivals. Things are slightly

different, though, when it comes to reported government support. Those who think the anti-

corruption campaign is targeted at rivals are particularly aware of the government’s repressive

capacity and, as a result, many of them report increased, not decreased, support for the government,

as this is the government-preferred response. This suggests that authoritarian governments can

boost their true support by implementing an anti-corruption campaign that is effective at reducing

corruption. Alternatively, or in addition, they can increase their reported support by implementing

an anti-corruption campaign that targets political rivals and signals their repressive capacity. The
17That these coefficients are not statistically significant is not entirely surprising given that there are only 99

respondents, divided across four treatment groups, in the ‘low trust’ sample.
18I have used reported trust in the central government to distinguish between those respondents who are unlikely

to have falsified their preferences (low trust) and those respondents who might have falsified their preferences (high
trust). Consistent with this, the results in the Passed Validation and Full Sample models indicate that low trust
respondents always report less support for the government than high trust respondents in all four treatment conditions.
This is indicated by the negative coefficients on Low Trust, Effective × Low Trust, and Rivals × Low Trust.
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benefit of this second strategy is that authoritarian governments not only get to eliminate political

rivals, helping to solve intra-elite conflicts, they also get increased reported support, helping to

solve mass-elite conflicts (Svolik, 2012). That true popular support does not increase with this

second strategy is not necessarily problematic as the simple act of increasing reported support in

the government is enough to make the coordination and collective mobilization of opposition groups

more difficult (Kuran, 1991; Huang, 2015b; Hollyer, Rosendorff and Vreeland, 2015).

Conclusion

Although there is increasing research on the institutions and policies that authoritarian leaders em-

ploy to stabilize their regimes, little attention has been paid to the use of anti-corruption campaigns.

This is despite the fact that these types of campaigns are common in authoritarian regimes around

the world. To the extent that scholars have examined anti-corruption campaigns, they have fo-

cused on their causes – why do authoritarian leaders implement these campaigns? I take a different

tack and instead address the consequences of anti-corruption campaigns. In particular, I examine

whether anti-corruption campaigns increase the popular support for authoritarian governments.

Authoritarian leaders frequently claim that their campaigns are designed to increase popular sup-

port by responding to citizen concerns. There is little systematic evidence, though, as to whether

and why anti-corruption campaigns increase popular support for authoritarian governments.

In this paper, I argue that much depends on the perceived effectiveness and motivation of

the anti-corruption campaign. Anti-corruption campaigns that are considered effective at reducing

corruption should increase support for authoritarian governments but less so, or not at all, if the

campaign is seen as a tool to eliminate political rivals. Empirical support for this comes from

my experiment examining the anti-corruption campaign in China. Relatedly, anti-corruption cam-

paigns that are seen as targeting political rivals should decrease popular support for authoritarian

governments, and increasingly so if these campaigns are considered effective at reducing corruption.

The results from my experiment in China paint a more nuanced picture here. While there is some

evidence that the ‘true’ level of government support declines when the anti-corruption campaign

is seen as politically motivated, ‘reported’ levels of government support actually increase. This is

because anti-corruption campaigns that target political rivals signal the repressive capacity of the
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state, leading many citizens to falsify their true opinions and report increased government support.

This increase in reported support for the government is likely to make it harder for opposition

groups to coordinate and mobilize. Thus, by launching anti-corruption campaigns to eliminate

political rivals, authoritarian leaders not only reduce the likelihood of intra-elite conflict, they also

reduce the likelihood of mass-elite conflict. As such, anti-corruption campaigns can be a partic-

ularly effective strategy for promoting authoritarian survival. Among other things, my analysis

highlights the importance of distinguishing, both theoretically and empirically, between levels of

actual and reported support for the government in studies of authoritarian politics.

In addition to advancing our understanding of anti-corruption campaigns and authoritarian

survival, my paper has broader implications for the study of government support in democracies

and authoritarian regimes more generally. Existing studies of incumbent support typically assume

that citizens care only about the outcomes produced by government policies. In many situations,

though, citizens are likely to also care about the motivation behind a government’s policies. There

are at least two reasons for this. First, citizens may care intrinsically about whether the government

is implementing a particular policy to promote its own goals or those of society more generally.

Second, the government’s motivation can speak to the likelihood that any policy outcome, such

as lower corruption or better economic performance, will persist into the future. While rational

expectations scholars have suggested that government motivation should be important for citizens

when evaluating economic outcomes in the context of political business cycles, empirical research

has yet to take this into account. My analysis is the first to empirically find that government

effectiveness and motivation interact to determine incumbent government support.
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Appendix A: Validation Check and Possible Post-Treatment Bias

In the main text, I raise the issue of non-random ignorance of treatment. Some respondents may be

inattentive or fail to read the information treatment provided in the survey experiment carefully. If

there are some factors or characteristics that are common to this group of respondents that make

them less attentive and cause them to exhibit different levels of regime support than others, then

my results will be biased. One way to ameliorate this concern is to focus on only those respondents

who pass a validation check. My validation check question asks respondents to identify the subject

of the study mentioned in their information treatment. Note that the validation check question

did not ask what the results of the study were, just what the study was about. Those respondents

who were unable to identify that the study concerned the anti-corruption campaign were coded as

having failed the validation check. Given that those respondents who failed the validation check

could not recall the subject matter of the study, it is almost certainly the case that they did not

receive their specific information treatment regarding the results of the study.

One concern, though, with looking at results from models that include only those respon-

dents who passed the validation check has to do with post-treatment bias (Montgomery, Nyhan and

Torres, 2018). Post-treatment bias arises if the treatment a respondent receives affects the proba-

bility that she passes the validation check. As Table 5 indicates, there is no statistically significant

difference between the proportion of respondents who passed and failed the validation check for

any of the information treatments. Not only are the differences for each treatment statistically

insignificant, but they are also substantively close to zero. This result is confirmed when I estimate

a logit model where the dependent variable is 1 if the respondent passes the validation check and

0 otherwise. As Table 6 indicates, the coefficients on the four dichotomous variables representing

the different treatments are statistically insignificant and close to zero.

Aranow, Baron and Pinson (2015, 4) suggest that a problem might still remain if “the types

of subjects who fail [the validation check] under one treatment [are] not …the same as those who

fail under a different treatment.” This does not appear to the case here, at least with respect

to observable demographic characteristics. In Table 7, I present the results from a series of logit

models, one for each treatment group, where I examine how respondent demographics affect the
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Table 5: Validation Check: Pass and Fail

Group Proportions
Passed Validation Failed Validation Difference (t-statistic)

NENR Treatment 0.26 (0.44) 0.24 (0.43) 0.02 (0.57)

ENR Treatment 0.22 (0.42) 0.26 (0.44) −0.04 (−1.00)

ER Treatment 0.26 (0.44) 0.26 (0.44) 0.00 (−0.14)

NER Treatment 0.26 (0.44) 0.24 (0.43) 0.02 (0.57)

N 383 176

∗p < 0.05; ∗∗p < 0.01 (two-tailed)

Note: NENR refers to the Not Effective & Not Rivals treatment, ENR refers to the Effective & Not Rivals treatment,
ER refers to the Effective & Rivals treatment, and NER refers to the Not Effective and Rivals treatment.

Table 6: Information Treatment and Validation Check

Dependent Variable: Passed Validation Check (1, 0)

ENR Treatment −0.129
(0.272)

ER Treatment −0.125
(0.264)

NER Treatment 0.095
(0.278)

NENR Treatment −0.660
(0.770)

Demographics Yes
Observations 529
Log Likelihood −317.538

∗p < 0.05; ∗∗p < 0.01 (two-tailed)

Note: Table 6 presents results from a logit model where the dependent variable is 1 if the respondent passes the
validation check and 0 otherwise. Standard errors are shown in parentheses. The model also includes the same seven
demographic variables as seen in Table 2.
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Table 7: Demographics, Information Treatment, and Validation Check

Dependent Variable: Passed Validation Check (1, 0)

ENR Treatment ER Treatment NER Treatment NENR Treatment
Female −0.426 0.065 −0.042 −0.362

(0.415) (0.388) (0.418) (0.392)

Age 0.030 0.031 0.022 0.099∗

(0.038) (0.030) (0.043) (0.049)

Education 0.259 0.126 0.019 −0.185
(0.169) (0.192) (0.196) (0.203)

Student 0.891 −0.518 0.220 0.498
(0.631) (0.578) (0.588) (0.633)

Income 0.210 −0.062 0.199 0.041
(0.184) (0.176) (0.190) (0.199)

Urban −0.455 0.287 0.162 0.068
(0.462) (0.387) (0.448) (0.406)

Government Employee −0.261 0.082 −0.190 −0.620
(0.597) (0.579) (0.663) (0.608)

Observations 123 139 128 139
Log Likelihood −73.865 −84.833 −72.849 −79.538

∗p < 0.05; ∗∗p < 0.01 (two-tailed)

Note: Table 7 presents results from a series of logit models, one for each treatment group, where the dependent
variable is 1 if the respondent passed the validation check and 0 otherwise. Standard errors are shown in parentheses.

probability of passing the validation check. Results from the fully interactive model in Table 8

indicate that the coefficients associated with each of the demographic variables in Table 7 are not

statistically different across each of the four information treatments; none of the coefficients on the

interaction terms in Table 8 are statistically significant.1 Of course, the respondents who failed the
1The positive and statistically significant coefficient on Age for the NENR treatment in Table 7 indicates only that

the effect of Age is significantly different from zero for the NENR treatment, not that it is significantly different from
the effect of Age in the other treatments. As previously indicated, the insignificant coefficients on the interaction
terms associated with Age from the fully interactive model in Table 8 show that there is no statistically significant
difference in the effect of Age across the different treatments.
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Table 8: Demographics, Information Treatment, and Validation Check: Interactive Specification

Dependent Variable: Passed Validation Check (1, 0)

Female −0.362 (0.392)

Age 0.099∗ (0.049)

Education −0.185 (0.203)

Student 0.498 (0.633)

Income 0.041 (0.199)

Urban 0.068 (0.406)

Government Employee −0.620 (0.608)

ENR Treatment −1.191 (2.267)

ER Treatment −0.316 (2.238)

NER Treatment 0.370 (2.420)

Female × ENR Treatment −0.064 (0.571)

Female × ER Treatment 0.427 (0.551)

Female × NER Treatment 0.320 (0.573)

Age × ENR Treatment −0.069 (0.062)

Age × ER Treatment −0.069 (0.057)

Age × NER Treatment −0.078 (0.065)

Education × ENR Treatment 0.444 (0.265)

Education × ER Treatment 0.311 (0.280)

Education × NER Treatment 0.204 (0.282)

Student × ENR Treatment 0.393 (0.893)

Student × ER Treatment −1.016 (0.857)

Student × NER Treatment −0.277 (0.864)

Income × ENR Treatment 0.169 (0.271)

Income × ER Treatment −0.103 (0.266)

Income × NER Treatment 0.158 (0.275)

Urban × ENR Treatment −0.523 (0.615)

Urban × ER Treatment 0.219 (0.560)

Urban × NER Treatment 0.094 (0.604)

Government Employee × ENR Treatment 0.359 (0.852)

Government Employee × ER Treatment 0.702 (0.840)

Government Employee × NER Treatment 0.430 (0.900)

Observations 529
Log Likelihood −313.089

∗p < 0.05; ∗∗p < 0.01 (two-tailed)

Note: Table 8 presents results from a logit model, where the dependent variable is 1 if the respondent passed the
validation check and 0 otherwise. Standard errors are shown in parentheses.
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validation check may differ across treatment groups for unobservable reasons. This is why I always

present results in the main text from both models that include only those respondents who passed

the validation check and models that include the full sample.

Another way to examine whether post-treatment bias is a problem is with the help of frac-

tional pooling (Bartels, 1996). Fractional pooling involves using different weights for those re-

spondents who failed the validation check. The Passed Validation model essentially weights these

respondents as 0 and the Full Sample model weights them as 1. In Figure 4, I show how the coeffi-

cients on Effective, Rivals, and Effective × Rivals change when I include all respondents but alter

the weight placed on those respondents who failed the validation check from 0 to 1. Results are for

the model specification where I include Age, Income, and Student as controls.2 To reiterate, the

coefficient and confidence interval on the left of each panel (Weight = 0) are identical to those that

I previously reported from the Passed Validation model in Table 3 where only those respondents

(380) who passed the validation check are included. Similarly the coefficient and confidence interval

on the right of each panel (Weight = 1) are identical to those that I previously reported from the

Full Sample model in Table 3 where all 545 respondents are included and 166 of the sample failed

the validation check. The coefficients and confidence intervals in between these two end points

(0 < Weight < 1) come from models where I include those who failed the validation check but

alter the weight that I give these observations in the model. One thing to note here is that the

sign of the coefficients in each panel remains the same across all values of Weight. More important,

though, is that there is no substantive or statistically significant difference in the magnitude of the

coefficients as I alter Weight from 0 to 1. All of this suggests that we should not be too concerned

with potential post-treatment bias in the Passed Validation models.

2To clarify, when Weight in Figure 4 is equal to 1, each of the 545 respondents is treated equally and so each
receives a weight of 1/545 = 0.0018. Of these 545 respondents, 166 (30.5%) failed the validation check. When Weight
in Figure 4 is equal to 0.5, those respondents who failed the validation check account for 30.5%/2 = 15.25% of the
sample. As a result, those respondents who failed the validation check receive a weight of 0.1525/166 = 0.0009 and
those respondents who passed the validation check receive a weight of 0.8475/380 = 0.0022. When Weight in Figure
4 is equal to 0, those respondents who failed the validation check receive a weight of 0 and those respondents who
passed the validation check receive a weight of 1/380 = 0.0026. This same process, with differing weights, is used to
estimate all of the points in Figure 4.
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Figure 4: Models with Different Weights on Respondents Who Failed the Validation Check
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Note: Figure 4 shows how the coefficients on Effective, Rival, and Effective × Rival change when I place different
weights on those respondents who failed the validation check. The coefficients come from models where I control for
Age, Income, and Student. The solid red lines represent two-tailed 90% confidence intervals. When the respondents
who failed the validation check receive a weight of 0, we obtain the same results as we did earlier with the Passed
Validation model in Table 3. When the respondents who failed the validation check receive a weight of 1, we obtain
the same results as we did earlier with the Full Sample model in Table 3.
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